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Abstract

Rice is one of the major corps of Taiwan. Accordingly, in the past, governments
put great efforts on estimating the size of paddy rice. The objective of this study is to
classify the area of paddy through satellite images by our spatial information system.

In the present study, the material adopted is QuickBird satellite images. Owing to
the low resolution of QuickBird satellite images, the additional information (Texture
Information) and NDVI were used as auxiliary material to enhance the quality of the
images. Leave is one of the most important component to extract information on
evaluating the area of paddy rice. Thus, We decided to use two different cases to study
the outcomes of extracting the levees: Case (a) using BPN to classify the image into
three category(paddy rice, leave, non-paddy rice) and Case (b)using Tree-Neural
Network concept to step-by-step output the paddy rice, leave, non-paddy rice. The
results are drawn and rational discussion are made.
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